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Research on web page automatic categorization based
on structural and text information
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Abstract: Since web pages contain abundant information resources, a better extraction and management of
the information can be achieved through web page categorization. Considering the complex structure and
abundant text information, a method was proposed for web page categorization based on the structure and
text. The method of combining joint features and atomic features was employed to classify the web pages.
The experiment result shows that the proposed method is feasible to some extent and has a higher
precision and recall rate than using text information only.
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<html>

<head>

<title>i.Centeri§% R ¥E|E T E</vitle>

<meta name="keywords" content="i.CenterifERFEIEFE">
<meta name="description" content="i.Centeri§4RKEH|ZTE">
</head>

(annotation ) :

<body>
<div class="topbar"><p>EIZF B AFKBET S</pr</div>
</body>
</html>
T e
| <html> |
[ Element: [ Element:
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Fig.2 Examples of DOM tree
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# 1 HTML tags 4> 2%
Tab.1 Categories of HIML tags

Byl Tags
1 <title>,<meta>

2 <hlI>-<<h6>,<lstrong™>,<em>,<b>,<li>

3 <p>,<table>,<span™>
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Tab.2 Examples of joint feature
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a2 div[ class=location ] 1

div[ class~ = position * | IEREIE '
IEEsIES
al class=active 5 X 7E 3
WAL 7% al class=on | Wi Ak

ZERYRRIE BALTE w0, THA U B B R,
ANTE EARRAE PR 0 AL B W SCAS R AIE 4 4 R AE
A8 B G R AR 1]

2.3 HEH

1638 1o Y G AEAAT BV FRAE J5 A SOl B AR 2R DL
TR AT A A AN R DU o 2 e B — A A
B2 2] R AT PG AR Y . 2 35 B (multinomial
model) FI{F % F] 45 B ( Bernoulli modeD) ™. —# Y
THEE R BN —FF , 2 30 A LB ] kR B, SR )
WY 5 A 5% R ARE Y LA ST SR R B, SRR SCAY Y.L A SC
HEH T 20 AR A AR 4 2 56 B ok TR W g T
HRKANEHRMER. KD ={d, . dy..d,} &)
YGHEARES, C={C\,Cy,,C,} BRIESR, V=
{visvssesv, b JEFFIELE G AL 45 45 1 FRAE A1 SCAR
FRIECK FR o 25 TT d #5388 B A FR1E 019 7 1)
Ttystysmesty, =5 RGBSR e RAEXT B Y C
B[ 9 vt 7 i 2000 ARG AR IR 22 () A B a7

J& B Ak R S

KRB ENMMER P (2, | CH) B, P(C,) B2
B C, BRI R AR P, | C) BHFRIE ¢,
TEEH] C, LA R,

St %
L EC PN :
AR (P AT S
SR RER A )
P, | Cy——telC) (6)

VI+ 2w C)

A, w e, Co) SRR IEWIE R C o 5 AE AL
WA T DA SCAR R AF 19 A AU w, o AR TT LR 45
PR AF B9 AUME w, . VR I 2R AR BY 45 4 1A 3,
|V | R NG RE A th 3 B0 iF S %k, 00 i T 2%
B C, EXN

C, =ar(%r£§X(P(C,)P(Ik | C,) 7

3 XWRERSH

S TR FH B HE 4R 2 I I £ th ALY 3 763
AT, AT N T AR I3 228 A4 W T AE il 25
FEAS 535 AN BT A SR XA A . 15 4 A R I A AR
I 2545 BRSO AR SO o A7 i AR A 1) o A
RSO S DU 3 53 26 25 B B A, 7 7 00 A A 3
AT, 25 5 5 N AR 25 S E 47 X L 4 A S 3 v
it FH B9 REAEZSCE N 254 A R0 A AR A AR
3 PR,

®3 THPHTEHBEREAHE

Tab.3 Number of features and samples

e FHEECH YIRS WA
N PSS 100 1097 430
B ASFH X2 200 2131 105
Bz Al s 2 51 248 57
TG 2K 44 221 63
T E 2% A7 218 98
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SCAE S5 X HE T Bt 08 Y SCAR AR A O 5 AR
HEAT 5328 (SFC) FUH SCAS o A 12485 F e AiE A S B
FFEHEAT 7328 (JFC) B 45 5 5 SO AR MR H 245
FE) AN SCAS R A5 R A0 1 S B 45 2K X L AN 3 BT .
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Fig.3 Comparison of SFC and JFC
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