BA6:55 101 ¥ B #4 3 & £ X & 3 4 Vol. 46,No. 10

2016 ﬁi 104 JOURNAL OF UNIVERSITY OF SCIENCE AND TECHNOLOGY OF CHINA Oct. 2016

SC G 0253-2778(2016) 10-0874-09

ETHMRBRNBERITHAR
BB E B AR KR

(L AR TR AT LS (R R L 22 be . ) PURERR 541004 2. T Y R HIF B SR 2 ) P ARAR 541004

BE ARATEARETIEFIGF LRSI & A HRIER AN ZNA X
R K, E— AR LR T AT & 569935 8 e ey T R R 5%, KX T R A6 0 W
R A7) o P AR LA — M AR ) 69395 L 4 R S Z A 8 PMI SE ik R B AMBME S 7 ik AT A B
BRIy K Am AR T AERG B e, A A L Z TR RPN F AR, R EE
ﬁk’\%‘%;“i% SCG, B MR EL FE L IR AMBREIEFIASGSERAT, AT
WA, RV HEE £ 4% R KW, 488 Naive Bayes, SMO (sequential minimal
optlrrnzatlon)ﬂj-— \éaﬁ-% SCG F sk BA F & 09 4 R Fe bR IRiE B

KER AT RS M RE; S LR85 %

FESES . TP391 EAFRIZAG : A doi: 10. 3969/]. issn. 0253-2778. 2016. 10. 012
SI RS 2 H . w45 BET MM SRS TS BT e L] . B BRI 2741 2016, 46 (10)
874-882.

MIAO Yuging, GAO Han, LIU Tonglai, et al. Sentiment analysis based on grid clustering[]].
Journal of University of Science and Technology of China, 2016,46(10) :874-882.

Sentiment analysis based on grid clustering
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(1. School of Computer Science and Information Security, Guilin University of Electronic Technology, Guilin 541004, China;

2. Guangxi Key Laboratory of Trusted Software , Guilin 541004, China)

Abstract: To expand a lexicon, the methods of point mutual information (PMI), setting the threshold
parameter, etc. were used to automatically identify, extract and classification the words which are not
included in the HowNet but have a certain emotional tendency. On that basis, a feature vector model based
on commodity comments was established, and the SCG (sentiment classification based on grid clustering)
algorithm was presented. Next, the grid-based clustering algorithm was used to build up a classification
model. The amount of calculation decreased after the dynamic attenuation factors were introduced and
sparse grids were periodically removed in the grid-based clustering process. Experimental results indicate
that the classification accuracy and field adaptability of SCG is higher, compared with other algorithms
such as Naive Bayes, SMO (sequential minimal optimization).
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Fig. 2 Clustered numbers of commendatory

comment statements
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Tab.5 Results of feature contrast experiment

W4 o4 M WA 54 W
N N/ N NG N/ 94.34%
J N J N 93.39%
J N < 92.81%

N/ J N 88.25%
J J 51.91%
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Tab. 6 Accuracy of different algorithms (1)

Bk HIRIIES
SCG 94. 340%
Naive Bayes 90.915%
SMO 91.325%
J48 91.010%
Random Forest 91.515%
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Tab. 7 Accuracy of different algorithms (2)

AN AR
SCG 93. 3%
Naive Bayes 78.8%
SMO 81.5%
J48 75. 2%

Random Forest 76.3%
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