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A latent semantic analysis classification technique based
on optimized categorization information
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Abstract: As an effective method in the way of dimensionality reduction, latent semantic analysis( LSA)
has been widely applied to many text learning missions, such as information retrieval and text
categorization. Based on professional literature text classification tasks, features of text from same and
different categories were analyzed under a strict classification system, patent documents classification was
taken as an example, an optimized LLSA classification technique was purposed based on categorization
information. Utilizing features information from different category text, the technique divided original
documents into a variety of fake documents, strengthens occurrence frequency of exclusive features from
different categories, thus building optimized latent semantic space and improving the performance of the
classification model. The experimental result shows that the method effectively improves categorization
precision when applied to text categorization.
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